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* The Citi Bike program was introduced on May 27, 2013 in * For Citi Bike program effect, the experimental effect of Dependent variable:
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* I build on his research with an econometric analysis of the * I estimate this coefficient by exploiting the time variation in e (0.036)
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relationship between bike-sharing and subway ridership ridership using the “within” panel regressions: Subway Stations within 200m  —0.675°" 0577+
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* Next, I estimate the effect of subway ridership on the Citi Bike
program by exploiting cross-sectional variation across stations gg’semtions N oo
using the “between” panel regressions: Adjusted R? 0.489 0.611
Note: *p<0.1; *p<0.05; ***p<0.01
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+oLanes; + ylog(Population;) + ¢CommercialShare; * The complementary effect between modes is stronger than
Fig 1. Citi Bike Station Distribution at Launch + vManufacturingShare; + yResidential Share; + €; the substitution effect
* Bike riders flow from residential areas to subways in the
Dataset Source Date Range Results: morning and from subways to residential areas in the evening
Mav 2013 ¢ Table 2: Within Estimation with Bike Stations as Infrastructure Measure * Ridership behavior suggests that bike-sharing is a feasible
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